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B | FEIEETH (Chamfer Distance Transform)
LRPES
O E&EeE

L1
R




2]

O A— o)l A&

=T Elcﬁé Chamfer Distance Transform)\\c

B NI\ T E A E ZEA S E R el LA A B R = AR ?

D gZIKIL,\ %:
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* Fischler, et al., RANdom SAmple Consensus: a paradigm for model fitting with applications to image analysis and automated
cartography, Comm. of the ACM, 24:381-395, 1981.
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B 1R RIBEHIE R ILAC = X H1E B BYinliers

2 RBEFILBinlierstt E—MASHERY (xj:(ml mz}(“] +[¢1j
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Xmap(i, j) = {

SER:

1 iijgxi left to x;

Z3 8] 4w Al (Spatial Coding)

z=|8) 4w b5 %E fE

FEEXFR

0 if x;>x, righttox,

——————————————————————————————

~——

Ymap(i, j) = {

0 if Y, >V above y;

1 if

Ymap =

Y, Sy below vy,

1 0 0 1
1 1.0 1
11 1 1
0 0 0 1
1 1 1 1

0 1 1 1]
0 0 1 1

Wengang Zhou, Yijuan Lu, Houqiang Li, Y. Song, and Qi Tian, "Spatial coding for large scale partial-duplicate web
image search," ACM International Conference on Multimedia (MM), pp.131-140, 2010.
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Yunchao Gong and Svetlana Lazebnik, “Iterative Quantization: A Procrustean Approach to Learning Binary Codes, ” in CVPR 2011.
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* Yunchao Gong and Svetlana Lazebnik, “Iterative Quantization: A Procrustean Approach to Learning Binary Codes, " in CVPR 2011.
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* HeolJ P, Lee Y, He J, et al. Spherical Hashing: Binary Code Embedding with Hyperspheres, IEEE TPAMI, 2015.
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